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Why care about users?



Why care about users?
• Egoistically, we are users too

• Important for maintaining trust in institutions and governance

• Understanding deployment and usage issues helps with identifying 
hindrances, non-use-cases, grounds for discrimination…

• It makes models closer to a form of metrological realism

• It helps with operationalisation (e.g. in regulation)



Outline
• The state of AI bias

• Technosolutionnism and AI

• The users of AI: AI systems in practice

• The users of AI: Data subjects, explanations and contestation of AI systems



State of AI bias

• COMPAS : the flagship case of AI bias (Beaudouin & Maxwell, 2023)

• The limits of COMPAS/bias approach (Kalluri, 2020; Eidelson, 2021)

• Where are we on AI bias now?



A retrospective on the COMPAS affair
Published by ProPublica in 2016, has become the flagship 
case of bias and discrimination in AI systems



The COMPAS case

• Displacing the controversy from law and criminology to public spaces

• Actuarial rules vs AI

• 2 arenas: data science and criminology

• (non)-human judgment vs bail inequality reduction

• Few discussions between arenas (especially DS → Crim)

• Propublica: a media paper with a huge academic impact



AI bias today
COMPAS was 8 years ago – what has changed?

Multiple debiasing methods, in particular in NLP (Bolukbasi et al., 2016)

- With mixed results (Prost et al., 2021), sometimes making the resulting 
embedding more biased

An academic field centered on fairness and transparency in ML models

- Definitions are still dated and unsatisfactory,

- Common definitions are not necessarily sociologically sound,

- Intersectionality is seldom taken into account.

Reinforces the need debates and discussions on algocracy : the way societies 
and government use and deploy AI systems



Tension point: fair AI versus radical AI

In parallel, multiple affairs tackle the (mis-)use of algorithms:

- SyRI (Netherlands), on welfare fraud (CJUE, 2023),

- Schufa (Austria), on human oversight and ADM (CJUE, 2024),

- CNAF (France), on welfare fraud (Conseil d’Etat, 2024),

- ETIAS (EU), on border control and facial recognition (CJUE, 2022)

- Clearview AI (UK), on facial recognition, fined again in 2025

- among others…

This questions the point of fairness / ethical AI if not attached to deeper 
change (Kalluri, 2020; Keyes, 2020), the compounding of injustice (Eidelson, 
2021), and the need for compassion in the design of algorithmic systems 
(Vaccaro et al., 2021)



Technosolutionnism and AI

• Leading example: a mulching proposal

• Defining technosolutionnism 

• The problem with technosolutionnism

• The consolidation of AI skeptics / critics



Making systems better with fairness, 
accountability and transparency
• Applies the Fairness, Accountability, and 

Transparency framework to an algorithm that 
“resolves various societal issues around food 
security and population ageing”

Keyes, O., 
Hutson, J., & 
Durbin, M. 
(2019, May). A 
mulching 
proposal: 
Analysing and 
improving an 
algorithmic 
system for 
turning the 
elderly into 
high-nutrient 
slurry. In CHI 
EA 2019.

The algorithm is not fair (demographic 
parity)!
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Making systems better with fairness, 
accountability and transparency
• Applies the Fairness, Accountability, and 

Transparency framework to an algorithm that 
“resolves various societal issues around food 
security and population ageing”

• Accountability (feedback through user survey):

• Pre-mulching: mulchees are “afforded a ten-
second window to state whether their selection 
was correct or not” + human oversight

• Post-mulching: food serial number communication 
+ provision of an elderly person of equal or greater 
wholesomeness and social utility.

Keyes, O., 
Hutson, J., & 
Durbin, M. 
(2019, May). A 
mulching 
proposal: 
Analysing and 
improving an 
algorithmic 
system for 
turning the 
elderly into 
high-nutrient 
slurry. In CHI 
EA 2019.

The algorithm is now 
accountable!



Making systems better with fairness, 
accountability and transparency
• Applies the Fairness, Accountability, and 

Transparency framework to an algorithm that 
“resolves various societal issues around food 
security and population ageing”

• Transparency:

• Areas are marked as “mulching areas” (similar to 
“videosurveillance areas”)

• An online platform (mulchme.com) where users 
can use an interactive website to play with the 
model and data

Keyes, O., 
Hutson, J., & 
Durbin, M. 
(2019, May). A 
mulching 
proposal: 
Analysing and 
improving an 
algorithmic 
system for 
turning the 
elderly into 
high-nutrient 
slurry. In CHI 
EA 2019.

The algorithm is now 
transparent!



Tech neutrality versus tech politics
Beyond the classic rift between techno-solutionnists and techno-skeptics

Discussing uses only reduces the debate to an experts’ debate

- e.g. proximity tracing during Covid lockdowns: debates shifted to privacy 
protection rather than Bluetooth inadequacy

Led to post-hoc rationalisation 

Common arguments from tech lobbyists:

- “if we do not do it, others will”;

- “there will be a brain drain”;

- “regulating will thwart innovation”;

- “the new version will solve the problems of the previous version”.



Technosolutionnism
• The idea that technology is a 

necessary part of a solution to a 
given problem

• Leads to post-rationalization, out 
of touch technical solutions

• Is highlighted as a potential 
problem for democratic 
processes and discourse 
(Nemitz, 2023; Lafrance, 2024)

• See fairness & abstraction in 
sociotechnical systems (Selbst 
et al., 2018)



The users of AI

• Resisting algorithms (Christin, 2019)

• AI training as reinforcing exploitation

• Another case of training : the French Cour de Cassation AI system



Algorithms in practice
How do users react to algorithmic use in their work?

How do practices differ from discourses? (Jerolmak & Khan, 2014)

Methodology:

- An ethnographic study over 2011-2015

- Two populations: jurists (Paris/NY bar) and web journalists

- 100 interviews; conferences and court sessions

- Algorithms for defendant scoring and trend mining

Goal: what are the commonalities and differences

 between these two fields?



Algorithms in practice: key results
Two expert fields: actors sharing a belief in the legitimacy of specific forms of 
knowledge as a basis of intervention in public affairs (Bourdieu, 1993. Collins et 
al., 2007)

Different from professions: positioning and entry barriers

Key differences:

- Law and journalism have different barriers to entry (strong vs close to 
none)

- One is non-profit oriented, the other is profit-oriented,

- Different stances towards digital technologies,

- Different conceptualisations of the expertise with respect to their identity



Algorithms in practice: commonalities
Decoupling (Meyer& Rowan, 1977): separating management discourses from 
employee practices

Algorithms are either ignored or actively resisted

Buffering: Foot-dragging, gaming, open critique

-  Foot dragging: ignoring the tools, placing their results at the end of reports…

- Gaming: clickbait titles, article slot times, court cases selection…

- Open critique: success for the algorithm’s criteria is disaligned from 
success internalized by individuals (e.g. media image)

This leads to a displacement of subjective judgment and social 
quantification (Espeland et al., 2007)



Algorithms in practice: deeper differences
Distinct algorithmic imaginaries: “ways of thinking about what algorithms are, 
what they should be, and how they function” (Bucher, 2016:30)

Journalists do not question the tool but are ambivalent on its finality

- i.e. they question the alignment between the algorithm’s goal and the journal’s 
goal

In courtsrooms, algorithms are :

- openly criticized as “crude” and “problematic”, 

- the for-profit tools are criticized,

- the absence of legal precedent slows change



Algorithms in practice: different imaginaries
Why are these imaginaries so different?

- Journalists share with editors the knowledge of need for profit;

- Journalists evolve in a porous and heteronomous field;

- Journalists value digital technologies, and appreciate immediacy.

- Judges and prosecutors a public servants appointed by the state;

- Judges attach their decisions to their identity;

- Judges are reluctant to digital technologies, and value conservative 
decisions



The case of the French Cour de Cassation

• A named entity recognition algorithm for court case anonymization

• Trained “in-house”, by C. Cass civil servants, over 2 years

• No end of training: constant fine-tuning is needed (now a permanent team)

• No conception of AI (initially), no knowledge of digital workers

• The AI system is generally called “the software”, “the system”, without 
referencing AI

• It becomes an absent “colleague”, with nuances with classical qualitative 
coding in its ends

• Mobilising empathy skills: how to ensure the reader will understand the 
case?





Fieldwork excerpts



The end users of AI

• The right to an explanation in EU law

• What are explanations worth for? Contesting AI systems



The right to an explanation
• What form should explanations take?

• Selective, mutable, dialogic (Miller, 2020)

• Contrastive explanations and complexity 
drops (Dessalles, 2020)

• Who are we explaining for?

• Experts

• Laypeople

• Regulators…

• Why explain? descriptive, explanatory, 
normative, contestable.



An increasingly relevant right to explanation



The right to contest AI
• AI is used in high-stakes processes (university admissions, loans, etc.)

• Regulatory approaches (esp. USA) focus on systemic governance rather than 
individual rights

• Proposal (Kaminsky et al., 2021): individual right to contest AI, mimicking 
due process

• Puts the onus on individuals to challenge unfair AI decisions

• Already fitting in GDPR framework

• What is a good contestation : for users? for agencies?



Archetypes for grounds for contestation

Kaminski, M. 
E., & Urban, 
J. M. (2021). 
The right to 
contest AI. 
Columbia 
Law Review, 
121(7), 1957-
2048.



Contestation goals, mechanisms and limits

• Goals: benefitting citizen empowerment, acceptability of decisions, suitability 
of system’s development, preventing gaming

• Mechanisms: better understood for explainability than contestability; 
contestability is harder to identify as overarching

• Limits: individual contestation does not resolve information asymmetry and 
power imbalances; users fight for their case only; contestability is seen as a 
societal/political tenant of explainability



How to contest AI decisions?



Designing contestable systems
• Law is one thing; how to ensure contestation is encouraged?

• Design studies, in particular Value-Sensitive Design (VSD)

• (next slide) A focus on public AI, i.e. AI used in public services

• Incorporates descriptive and normative aspects, procedural and 
substantial…



Contestability loops for public AI

Alfrink, K., 
Keller, I., 
Kortuem, G., 
& Doorn, N. 
(2023). 
Contestable 
AI by design: 
Towards a 
framework. 
Minds and 
Machines, 
33(4), 613-
639.



Contestability is heterogeneous



Things to remember
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